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Overview of Copy Paste Tampering Image Detection Technology
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Abstract: Copy paste tampering is a common method of image tampering, which has caused serious social impact due to its malicious
use and widespread dissemination. Firstly, the concept, principle, and model of copy paste tampering were introduced. Then, the
existing copy paste tamper detection algorithms are roughly divided into image block based methods, keypoint based methods, and
deep learning methods, and these three types of methods are reviewed respectively. In addition, common datasets and objective
evaluation criteria for evaluating copy paste tamper detection techniques were also introduced. Finally, the advantages and
disadvantages of current image copying, pasting, and tamper detection technologies were summarized, and the development direction
was given, with the aim of benefiting future research in this field.
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