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Electricity Load Data Prediction Based on XGBoost and Lasso Models
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Abstract: This article aims to explore the algorithms and models for predicting factory power load, in order to ensure the efficiency
and stability of the factory production system. Firstly, we analyzed the characteristics and influencing factors of factory power load,
mainly including historical data of factory power load, and derived features based on historical data. We propose a machine learning
based power load forecasting model that can predict future electricity demand for a period of time based on historical data. By
comparing different machine learning algorithms, we found that the Lasso regression model performs the best in terms of prediction
accuracy and stability. Finally, we validated the effectiveness and practicality of the model through experiments, providing important

reference for factory power load management.
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